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ASN Guiding Principles for Responsible AI in Kidney Care



















How it works
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Routine Blood & Urine Samples Standard Lab Results Klinrisk Analysis
Personalized Risk & 
Guideline-Directed Care 
Plan

Simulating a virtual nephrology consult:

Personalized medication management and care plan 
provided at the point of care

Identifies risk in time for effective intervention:

Finds high risk of CKD progression & related utilization 
before kidney function is lost

No extra steps:
Uses lab data collected at routine visits



Enabling risk-based care by connecting risk to clinical decision support

ARB, angiotensin receptor blocker; BP, blood pressure; CKD, chronic kidney disease; CV, cardiovascular; MBD, 
mineral and bone disorder; MRA, mineralocorticoid receptor antagonist; RAASi, renin-angiotensin-
aldosterone system inhibitor; SGLT2i, sodium-glucose co-transporter 2 inhibitor. 
Reference: 1. Klinrisk. Clinical risk prediction for kidney disease. Lifelabs. Accessed Jan 17, 2024.  
https://go.lifelabs.com/Klinrisk-Sample-Report.
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Physicians need to make 
the link between risk and 
clinical decisions



Patient Report — Plain-Language Risk Summary & Lab Results Slide 2 of 3

Risk in plain English

"You are in the LOW RISK category" — no jargon, no 
numbers without context. The 5% 5-year risk is stated 
explicitly so patients can understand their result.

Three key labs explained clearly

eGFR, ACR, and Potassium each have a plain-language 
interpretation — "your result is good!" or "your doctor 
will discuss" for borderline values.

Borderline ACR flagged — not dismissed

ACR 3.0 mg/mmol is at the upper limit and is specifically 
noted for physician discussion. Builds early awareness 
without causing alarm.

Potassium context provided

K⁺ 4.0 mmol/L confirmed healthy with the normal range 
shown — directly relevant given hyperkalemia 
monitoring emphasis in the physician report.

Source: Klinrisk Patient Report 2026, Page 1. Report language aligned with health literacy best practices. klinrisk.com



SONIC model – Relies on eGFR slope, predicts 30 % decline



Combining AI and Biomarkers for Chronic Kidney Disease - KidneyIntelx

AUC 0.74-0.77

Validated in 2 US 
populations (n~1,100) 
and CANVAS/CREDENCE 
trials – FDA Cleared





Kotanko et al. CJASN 2023



Monaghan et al. Kidney Medicine 2025





Nygard et al. BMJ Open 2022
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Key Take-home Messages 

CKD, chronic kidney disease; eGFR, estimated glomerular filtration rate; ACR, albumin-to-creatinine ratio; CV, cardiovascular 

• Artificial Intelligence has already developed and highly relevant 
applications in every aspect of kidney care

•Our patients and colleagues (allied health/other specialists) are using 
AI tools – and we should also responsibly use them

• A clinical orientation to a problem followed by a solution (AI/non-AI) is 
our preferred approach

• Tools available today can augment care

• Tools available today are not autonomous
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